This paper tests the three leading specifications of asymmetric and possibly nonlinear feedback from the real price of oil to U.S. industrial production and its sectoral components. We show that the evidence of such feedback is sensitive to the estimation period. Support for a nonlinear model is strongest for samples starting before 1973. Instead, using post-1973 data only, the evidence against symmetry becomes considerably weaker. For example, at the aggregate level, there is no evidence against the hypothesis of symmetric responses to oil price innovations of typical magnitude, consistent with results by Kilian and Vigfusson (2009) for U.S. real GDP. There is strong evidence of asymmetries at the disaggregate level, however, especially for industries that are energy intensive in production (such as chemicals) or that produce goods that are energy-intensive in use (such as transportation equipment). Our analysis suggests that these asymmetries may be obscured in the aggregate data and highlights the importance of developing multi-sector models of the transmission of oil price shocks.
 } Given these two histories, two paths for   are generated as:
where  2 is drawn from the empirical distribution of  2 . (Notice that the same value is used as  2 to generate  
The variance-covariance matrix for [  ( )    ( −)] is computed as follows. First, given the estimated parameters b
 2 , the residuals, and an arbitrary chosen history Ω  , the system in (5) is used to generate pseudo-series of the same length of our data. Second, for each of the newly generated pseudo-series, (     ), we repeat steps (i) through (vi) to get the unconditional  . Finally, for  unconditional  , both for  and − , the variance covariance matrix is computed. The matrix has a size of 2 ( + 1) × 2 ( + 1).
(viii) Finally the test statistic of symmetry of positive and negative (and censored in the case of the net oil price increase) is computed as
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